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Literature Review (1) : Setiawan et al. (2020)
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Fig. 1. Methodological analysis of the employee attrition prediction.
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Literature Review (3) : Shobhanam Krishna & Sumati Sidharth (2022)
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Contribution

SMOTE

@ Majority Class (Non-attrition)
A\ Minority Class (Attirition)

O Synthetic Minority Samples
== KNN Interpolation Line

GMM Based Oversampling

@ Majority Class (Non-attrition)
A\ Minoirity Class (Attrition)

O Synthetic Minority Samples
» Probability Density Function of K
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Main Part : Dataset
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Data Source IBM HR Analytics

Kaggle

#IX|OF 60| Ef

Age, Gender, Marital Status, Education

JobRole, JobLevel, Department, BusinessTravel

Dataset
Total Samples 1,470
3574
Total Features = 2 3470

Taret Variable

Monthlylncome, PrecentSalaryHike, StockOptionLevel

No: 1,233(83.9%)

Class Distribution Yes: 237(16.1%)

JobSatisfaction EnvironmentSatisfaction, WorkLifeBalance

Data Types

rQ o 0E
14>y
0%t 02F ogt

YearsAtCompany, YearsSinceLastPromotion, TotalWorkingYears
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